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Polyp model [3]
“Towards automaticpolypdetectionwithapolypappearancemodel”, Pattern Recognition, 2012
[6] Bernal J, et al., “Comparative Validation of Polyp Detection Methods in Video Colonoscopy: Results from the MICCAI 2015 Endoscopic Vision Challenge”, IEEE Trans. Medical Imaging 2016
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[7] Tran D et al., “Learning Spatiotemporal Features with 3D Convolutional Networks”, Proc. ICCV 2015.
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